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Abstract. This study aims to analyze the Influence of Local Original Income (X1) Unemployment 
(X2) and Gini Ratio on Poverty Level in West Nusa Tenggara Province in 2019-2023. The data 
used are secondary data obtained from the Central Statistics Agency (BPS) of NTB Province, and 
analyzed using the panel data regression method. The results of the study partially show that 
local original income (X1) has a positive and insignificant effect on the poverty level (Y) of West 
Nusa Tenggara Province in 2019-2023. unemployment (X2) has a negative and significant effect 
on the poverty level (Y) of West Nusa Tenggara Province in 2019-2023 and the Gini ratio (X3) 
has a positive and significant effect on the poverty level (Y). While simultaneously the variables 
of local original income (X1) unemployment (X2) and the Gini ratio simultaneously affect the 
poverty level (Y) of West Nusa Tenggara Province in 2019-2023. 

Keywords: Local Original Income, Unemployment, Gini Ratio, Poverty Level. 

1. Introduction     
One of the main objectives of national development as stated in the Preamble to 

the 1945 Constitution of the Republic of Indonesia is to advance general welfare [1]. 
General welfare reflects the condition of fulfilling the material, spiritual, and social needs 
of society, thus enabling individuals to live decently and develop their potential in order 
to carry out their social and economic functions. One indicator that can be used to 
describe community welfare is the poverty rate [2]. Poverty is a complex social and 
economic problem that always exists in every region, both at the local and national levels. 
This phenomenon not only reflects low community income but also illustrates limitations 
in access to employment, education, and health services [3]. According to the World 
Bank, the main cause of poverty in a country is low income and asset ownership (lack of 
income and assets) needed to meet basic needs such as food, clothing, shelter, 
education, and health [4]. Therefore, poverty needs serious attention from the 
government through policies and programs that are oriented towards poverty alleviation 
[5]. In fact, the success of poverty alleviation programs has become one of the main 
indicators in assessing the effectiveness of regional development [6]. 

West Nusa Tenggara (NTB) Province is one of the provinces in Indonesia that still 
faces a relatively high poverty rate. Although this region has abundant natural resource 
potential and is a leading tourist destination, the level of community welfare is not evenly 
distributed. The presence of the Mandalika Special Economic Zone (KEK) and the strategic 
position of Lombok Island as an international tourist destination after Bali have not been 
able to fully lift all levels of society out of poverty. Based on data from the NTB Central 
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Statistics Agency, several areas in NTB, such as East Lombok and Central Lombok, have 
consistently recorded a high number of poor people in the period 2019 to 2023. On the 
other hand, areas such as Mataram City are experiencing an increasing trend in the 
number of poor people, indicating a challenge in equalizing welfare. 

The problem of poverty is not only caused by low community income, but is also 
closely related to the effectiveness of regional financial management. In the context of 
regional autonomy, regional governments are required to be independent in managing 
their finances in order to finance the implementation of government, regional 
development, and improve community welfare. One important aspect in supporting 
regional fiscal independence is increasing Regional Original Income (PAD). PAD is all 
regional revenues originating from the original potential of the region and collected 
based on regional regulations [7]. High PAD reflects the independence and fiscal capacity 
of a region in financing development programs, including poverty alleviation programs. 

Based on the realization data of NTB Province's PAD in the last five years (2019–
2023), there has been quite significant fluctuation. After experiencing a drastic decline in 
2020 due to the COVID-19 pandemic, NTB's PAD began to show a recovery trend, and 
reached its highest point in 2023 of IDR 2.79 trillion [8]. This indicates an increase in fiscal 
capacity that can be optimized for poverty alleviation and job creation. In addition to PAD, 
the unemployment rate is also a factor that influences poverty. Unemployment illustrates 
the mismatch between the number of workers and available jobs. High unemployment 
rates can cause a decrease in household income and have a direct impact on the decline 
in the level of community welfare [9]. In NTB, although it had increased during the 
pandemic, the Open Unemployment Rate (TPT) was gradually suppressed, from 4.22% in 
2020 to 2.8% in 2023, indicating improvements in economic conditions and the labor 
market. 

Another indicator that reflects the condition of community welfare is the inequality 
of income distribution which can be measured by the Gini coefficient. The Gini ratio 
shows the level of income inequality, where a value approaching zero indicates an even 
distribution, while a value approaching one indicates high inequality [10]. High inequality 
widens the gap between the rich and poor, and can worsen existing poverty conditions. 
Therefore, analysis of the Gini ratio is important in evaluating the extent to which the 
results of development have been enjoyed by all levels of society [11]. 

Considering the three main indicators in measuring public welfare, namely poverty 
rate, unemployment rate, and Gini ratio, it can be said that NTB Province is on the path 
to recovery and improvement [12], [13]. However, challenges still exist, especially in 
accelerating the reduction of structural poverty, improving the quality of employment, 
and narrowing the economic gap between levels of society. Therefore, a sustainable and 
inclusive development strategy, as well as efficient and transparent regional financial 
management are the main keys in encouraging public welfare in this region. Collaboration 
between the government, private sector, and civil society is needed so that the great 
potential of NTB, such as the tourism and agricultural sectors, can be maximized to 
improve the quality of life of the community as a whole. 

2. Method 
2.1 Type of Research, Location and Time of Research 

This study uses a descriptive quantitative method, which according to Purwanto  
[14] aims to test the theory through measuring variables with numbers and statistical 
data analysis. The study was conducted in all districts/cities in West Nusa Tenggara 
Province using secondary data in the form of poverty rates, Regional Original Income 
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(PAD), unemployment, and the Gini ratio, based on BPS publication data for the period 
2019–2023. 

2.2 Data collection technique 

In this study, the data collection method was carried out through documentation 
and literature study. According to  De Groot et al.  [15], documentation is a method for 
collecting various objects or written texts related to research, by sorting data that is 
relevant to the variables studied, such as official documents from related agencies. 
Literature study is used to obtain supporting data from books, articles, journals, and other 
relevant sources of information to strengthen the analysis. The type of data used is 
secondary data sourced from publications of the Central Statistics Agency (BPS) of West 
Nusa Tenggara Province and various other supporting sources. The data used is in the 
form of panel data, namely a combination of time series data and cross-section data, with 
a coverage of 10 districts/cities in West Nusa Tenggara as a cross section, and the period 
2019 to 2023 as a time series. 

2.3 Data Analysis Procedure 

In this study, the model used is panel data regression analysis. According to Rahali 
and Akhloufi  [16] as quoted, panel data or pooled time series is a combination or 
amalgamation of time series data, which has temporal observations on a unit of analysis 
with cross-place data that has observations of a unit of analysis at a certain point in time. 
The time series data used in this study is the period 2019-2023, while the cross-section 
data used covers 8 districts and 2 cities in West Nusa Tenggara Province. In addition, data 
analysis calculations can be done using the help of the Eview12 program. 

The model equation of panel data regression in equation 1. 

𝐿𝑜𝑔𝑌𝑖𝑡  =  𝛼 + 𝐿𝑜𝑔 𝛽1 𝑋1𝑖𝑡   +  𝛽2 𝑋2𝑖𝑡  +  𝛽3𝑋3𝑖𝑡  + 𝜀𝑖𝑡  (1) 

With the poverty rate (Yit) as the dependent variable. Independent variables 
include Local Original Income (X1it), Unemployment (X2it), and Gini Ratio (X3it). This 
model also includes constants (α), intercepts (β), and regression coefficients β1, β2, and 
β3. Logarithmic transformation (LOG) is applied to several variables to stabilize variance, 
while εit is an error term that represents the uncertainty that cannot be explained by the 
model. 

2.4 Regression Model Estimation and Model Specification Testing 

Common Effect Model (Pooled Least Square) is a panel data model that combines 
time series and cross section data using the Ordinary Least Square (OLS) method, where 
the intercept and slope are assumed to be constant across time and individuals. This 
model does not consider differences in behavior between individuals or time, so although 
it is often used as a comparison, it is not the main estimate because it is at risk of bias 
[17]. Fixed Effect Model (FEM) uses the Least Square Dummy Variable (LSDV) method by 
adding dummy variables to capture differences in intercept between individuals, but the 
slope is still considered the same. Meanwhile, the Random Effect Model (REM) does not 
use dummy variables, but assumes that the difference in intercept is random (stochastic) 
and the residual has a relationship between time and objects. To determine the best 
model, three specification tests are carried out: (1) Chow test to compare Common Effect 
with Fixed Effect, where if the probability value <0.05 then the Fixed Effect model is more 
appropriate; (2) Hausman test to compare Fixed Effect and Random Effect, where if the 
p-value <0.05 then the Fixed Effect is more appropriate; and (3) Lagrange Multiplier (LM) 
test to compare Common Effect with Random Effect, where if the p-value < 0.05 then 
Random Effect is selected. 



Licensee: Future Tecno-Science Publisher 

 

Page 4 of 11 © H. Anggara et al.  

O
p

en
 A

cc
e

ss
 

 

2.5 Classical Assumption Test 

In this study, four types of classical assumption tests were applied to ensure the 
validity of the regression model, namely: (1) Normality Test, which is used to determine 
whether the residual data is normally distributed. The test is carried out using the Jarque-
Bera (JB) method, where the data is considered normal if the JB probability value is 
greater than the 5% significance level. (2) Multicollinearity Test, aims to detect the 
presence of correlation between independent variables in the model. This test uses the 
VIF (Variance Inflation Factor) value, with the provision that there is no multicollinearity 
if VIF <10 and the tolerance value> 0.1. (3) Autocorrelation Test, used to determine the 
relationship between residuals at different times, which generally occurs in time series 
data. Autocorrelation can affect the accuracy of model estimation. (4) Heteroscedasticity 
Test, which tests whether the residual variance is constant across all independent 
variable values. If it is not constant, then heteroscedasticity occurs which can cause the 
regression coefficient estimate to be inefficient and deviate. 

2.6 Hypothesis Testing and Coefficient of Determination 

The t-test is a method used to test each independent variable individually (partially) 
to determine the extent of its influence on the dependent variable [18]. This test is carried 
out using a significance level of 5% (α = 0.05). If the significance value of an independent 
variable is less than 0.05, then it can be concluded that the variable has a significant 
influence on the dependent variable. Conversely, if the significance value is greater than 
or equal to 0.05, then the variable is considered to have no significant influence on the 
dependent variable. Furthermore, the simultaneous test or F statistical test is used to 
determine whether all independent variables together have a significant effect on the 
dependent variable. This test aims to test the null hypothesis (H_0) which states that 
there is no simultaneous influence of the independent variables on the dependent 
variable, against the alternative hypothesis (H_1) which states that there is a 
simultaneous influence. Decision making is done by comparing the F-calculated value 
with the F-table value at a significance level of 5%. If the F-calculated value is greater than 
the F-table or the significance value is less than 0.05, then H₀ is rejected and it can be 
concluded that the independent variables simultaneously have a significant effect on the 
dependent variable. 

Finally, the analysis of the coefficient of determination or R-squared (R2) is used to 
measure how much the independent variable is able to explain the variation that occurs 
in the dependent variable. The R2 value ranges from 0 to 1. The closer to 1, the greater 
the proportion of the variation in the dependent variable that can be explained by the 
regression model. Conversely, a small R2 value indicates that the model's ability to explain 
the variation in the dependent variable is very limited. 

3. Results and Discussion 
3.1 Regression Model Estimation Results 

Data from all variables used in this study, namely poverty rate, local revenue, 
balancing funds, unemployment and Gini ratio were analyzed using regression with the 
Eviews version 12 application. Estimation of the panel data regression model was carried 
out to determine the most appropriate model in this analysis. Three approaches used in 
estimating the panel regression model are the common effect model, fixed effect model, 
and random effect model. In this study, data transformation was carried out to change 
the measurement scale to meet the analysis assumptions. One of the transformation 
methods used is logarithm, which is applied to all independent and dependent variables. 
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Logarithmic transformation helps change the distribution of data that was initially not 
normal to be closer to a normal distribution. The results of this transformation are not 
only used in regression analysis, but also in the Classical Assumption Test, Model 
Suitability Test, and Hypothesis Test [19]. 

3.1.1 Common Effect Models 

Common Effect Model is the simplest approach in panel data analysis because it 
only combines time series and cross-section data without considering individual 
differences or time dimensions. This model assumes that the characteristics of the 
company data remain consistent throughout the observation period. Model estimation 
in this approach can be done using the Ordinary Least Square (OLS) method or the least 
squares technique.  

Variable Coefficient Std. Error t-Statistic Prob. 
C -13.08321 2.017786 -6.483943 0.0000 
LOG(X1) 0.978085 0.099799 9.800575 0.0000 
X2 -0.284693 0.049987 -5.695388 0.0000 
X3 -1.367161 1.544129 -0.885393 0.3805 

Based on the regression results using the Common Effect Model (CEM) above, it 
shows a constant regression coefficient of -13.08321, a t-statistic value of -6.483943 with 
a probability of 0.0000 <0.05; the regression coefficient X1 is 0.978085, the t-statistic 
value is 9.800575 with a probability of 0.0000 <0.05, meaning that PAD (X1) has a 
significant effect on the poverty rate at the α = 5% level; for the unemployment 
regression coefficient variable (X2) of -0.284693, the t-statistic value is -5.695388 with a 
probability of 0.0000 <0.05, meaning that unemployment (X2) has a significant effect on 
the poverty rate at the α = 5% level; and for the Gini ratio variable (X3) it has a regression 
coefficient of -1.367161, a t-statistic value of -0.885393 with a probability of 0.3805 > 
0.05, meaning that the Gini ratio (X3) does not have a significant effect on the poverty 
rate at the α=5% level. 

3.1.2 Fixed Effect Model 

This model assumes that differences between individuals can be accommodated 
through differences in their intercepts. In panel data estimation using the Fixed Effect 
Model, a dummy variable technique is applied to capture variations in intercepts 
between firms. However, the slope value is still assumed to be the same for all firms. This 
estimation approach is also known as the Least Square Dummy Variable (LSDV). 

Variable Coefficient Std. Error t-Statistic Prob. 
C 3.860724 0.378007 10.21338 0.0000 
LOG(X1) 0.006069 0.019805 0.306445 0.7610 
X2 -0.026148 0.006094 -4.290508 0.0001 
X3 0.417503 0.137072 3.045876 0.0043 

Based on the regression results using the Fixed Effect Model (FEM) above, it shows 
a constant regression coefficient of 3.860724, a t-statistic value of 10.21338 with a 
probability of 0.0000 <0.05; the regression coefficient X1 is 0.006069, the t-statistic value 
is 0.306445 with a probability of 0.7610> 0.05, meaning that PAD (X1) does not have a 
significant effect on the poverty rate at the α = 5% level; for the unemployment 
regression coefficient variable (X2) of -0.026148, the t-statistic value is -4.290508 with a 
probability of 0.0001 <0.05, meaning that unemployment (X2) has a significant effect on 
the poverty rate at the α = 5% level; and for the Gini ratio variable (X3) it has a regression 
coefficient of 0.417503, a t-statistic value of 3.045876 with a probability of 0.0043 < 0.05, 

Table 1. Model 
Estimation with 

the Common 
Effect Model 

Approach 

Table 2. Model 
Estimation with 

Fixed Effect 
Model Approach 
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meaning that the Gini ratio (X3) has a significant effect on the poverty rate at the α=5% 
level. 

3.1.3 Random Effect Model 

This model is used to estimate panel data when disturbance variables are 
potentially correlated across time or individuals [20]. In this approach, the intercept is 
modeled through the error term of each company. One of the advantages of the Random 
Effect Model is its ability to handle heteroscedasticity problems. This model is also known 
as the Error Component Model (ECM) or uses the Generalized Least Square (GLS) 
approach. 

Variable Coefficient Std. Error t-Statistic Prob. 
C 3.658229 0.390108 9.377476 0.0000 
LOG(X1) 0.017260 0.019694 0.876392 0.3854 
X2 -0.027256 0.006082 -4.481044 0.0000 
X3 0.400220 0.136982 2.921690 0.0054 

Based on the regression results using the Random Effect Model (REM) above, it 
shows a constant regression coefficient of 3.658229, a t-statistic value of 9.377476 with 
a probability of 0.0000> 0.05; the regression coefficient X1 is 0.017260, the t-statistic 
value is 0.876392 with a probability of 0.3854> 0.05, meaning that PAD (X1) does not 
have a significant effect on the poverty rate at the α = 5% level; for the unemployment 
regression variable coefficient (X2) of -0.027256, the t-statistic value is -4.481044 with a 
probability of 0.0000 <0.05, meaning that unemployment (X2) has a significant effect on 
the poverty rate at the α = 5% level; and for the Gini ratio variable (X3) it has a regression 
coefficient of 0.400220, a t-statistic value of 2.921690 with a probability of 0.0054 < 0.05, 
meaning that the Gini ratio (X3) has a significant effect on the poverty rate at the α=5% 
level. 

3.1.4 Model Specification Test Results 

The results of the Chow and Hausman tests can be seen in Table 4. 

Effects Test Statistic d.f. Prob. 
Chow Test Results 

Cross-section F 1077.305032 (9.37) 0.0000 
Cross-section Chi-square 278.616668 9 0.0000 

Hausman Test Results 
Cross-section random 43.970587 3 0.0000 

The results of the Chow Test in the table above can be concluded that H0 is rejected 
because the results of the Cross-section Chi Square Prob are smaller than alpha (0.0000 
<0.05), so the model used in this study is Fixed effect. Based on the results of the 
Hausman test, the Chi-Square Statistic value is 43.970587 and has a probability value of 
0.0000 <0.05 (5%), so the results of the Hausman test indicate that the fixed effect model 
is the appropriate model. 

3.2 Classical Assumption Test Results 

There are four types of submissions in the classical assumptions applied in this 
study. The results of the normality test are shown in Figure 1. The normality test is seen 
from the Jarque-Bera P-Value or Probability value which must be above 0.05 Neupane 
[21], where in this study it is 0.533258 > 0.05 which states that the data is normally 
distributed. The results of the multicollinearity test are shown in Table 5. 

Table 4. Chow 
and Hausman 

Test Results 

Table 3. Model 
Estimation with 
Random Effect 

Model Approach 
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Series: Standardized Residuals

Sample 2019 2023

Observations  50

Mean      -6.25e-18

Median   0.002436

Maximum  0.049900

Minimum -0.053617

Std. Dev.   0.024249

Skewness   -0.366056

Kurtos is    2.739974

Jarque-Bera  1.257501

Probabi l i ty  0.533258 
 

 
Variable Coefficient Variance Uncentered VIF Centered VIF Durbin-Watson 
C 0.142889 9174.674 NA 

1.518632 
LOG(X1) 0.000392 9079.322 1.001696 
X2 3.71E-05 27.67026 1.004896 
X3 0.018789 158.9542 1.004062 

From the results of the multicollinearity test, the Centered VIF Log x1 value is 
1.001696 <10, the Centered VIF x2 value is 1.004896 <10 and the Centered VIF x3 value 
is 1.004062 <10, so it can be concluded that the data used passes the multicollinearity 
test. Then the results of the autocorrelation test can be seen from the Durbin Watson 
stat value of 1.518632> 0.05, so the data used passes the autocorrelation test. The 
heteroscedasticity test is presented in Table 6. 

Variable Coefficient Std. Error t-Statistic Prob. 
C 0.156664 0.166821 0.939117 0.3538 
LOG(X1) -0.007836 0.008740 -0.896500 0.3758 
X2 -0.000852 0.002690 -0.316923 0.7531 
X3 0.039455 0.060492 0.652233 0.5183 

The results of the heteroscedasticity test can be concluded that the probability of 
each variable is greater than alpha (0.05), which means that in this regression model it 
can be said that there is no heteroscedasticity problem or it passes the heteroscedasticity 
test. 

3.3 Panel Data Regression Model Estimation Results 

From the results of panel data regression calculations with model specification 
testing, the best model is the Fixed Effect Model (FEM). The results of the data processing 
can be seen in Table 7. 

Variable Coefficient Std. Error t-Statistic Prob. 
C 3.860724 0.378007 10.21338 0.0000 
LOG(X1) 0.006069 0.019805 0.306445 0.7610 
X2 -0.026148 0.006094 -4.290508 0.0001 
X3 0.417503 0.137072 3.045876 0.0043 
Root MSE 0.024005 R-squared 0.998973 
Mean dependent var 4.039586 Adjusted R-squared 0.998639 
S.D. dependent var 0.756553 S.E. of regression 0.027905 
Akaike info criterion -4.101094 Sum squared resid 0.028812 
Schwarz criterion -3.603968 Log likelihood 115.5274 
Hannan-Quinn criter. -3.911786 F-statistic 2998.257 
Durbin-Watson stat 1.518632 Prob(F-statistic) 0.000000 

Figure 1. 
Normality Test 

Results 
 

Table 5. 
Multicollinearity 

Test Results 

Table 6. 
Heteroscedasticit

y Test Results 

Table 7. Fixed 
Effect Model Test 

Results 
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Based on the results of panel data regression using the Fixed Effect Model (FEM) 
approach, the following equation is obtained: 

𝐿𝑜𝑔 (𝑌) =  3.8607 + 0.0061 𝐿𝑂𝐺(𝑋1) −  0.0261(𝑋2) +  0.417(𝑋3) (2) 

The constant value of 3.8607 means that if the independent variables (PAD, 
unemployment and Gini ratio) are 0 (zero), then the value of the dependent variable 
(poverty rate) is 3.8607. The X1 coefficient value is 0.0061, which means that every 
thousand increase in the PAD variable will increase the poverty rate by 60,692,618 
thousand people. The X2 coefficient value is -0.0261, which means that every 1% increase 
in the unemployment variable will reduce poverty by 26.1 million people. The X3 
coefficient value is 0.417, which means that a 1% increase in the Gini ratio variable will 
increase poverty by 41.7 million people. 

3.4 Hypothesis Test Results  

The t-test results on the PAD variable (X1) obtained a t-count value of 0.306445 <t-
table, which is 2.01410 and a probability value of 0.7610> 0.05. These results state that 
the T count is in the H0 acceptance area and H1 is rejected, meaning that PAD partially 
has no effect on the poverty rate. The t-test results on the unemployment variable (X2) 
obtained a t-count value of -4.290508 <t-table, which is 2.01290 and a probability value 
of 0.0001 <0.05. These results state that the T count is in the H1 acceptance area and H0 
is rejected, meaning that unemployment partially has an effect on the poverty rate. 

The t-test results on the gini ratio variable (X3) obtained a t-count value of 
3.045876> t-table, which is 2.01290 and a probability value of 0.0043 <0.05. These results 
state that the T count is in the H1 acceptance area and H0 is rejected, meaning that the 
gini ratio partially affects the poverty rate. The f-count value is 2998.257> f-table, which 
is 2.81 and a probability value of 0.000000 <0.05 so that variables X1, X2, and X3 (PAD, 
unemployment and gini ratio) have a joint effect on the poverty rate. These results state 
that the F-count is in the H1 acceptance area and H0 is rejected. 

3.5 Results of the Determination Coefficient Test (R2 Test) 

It can be seen that the Adjusted R-Squared value is 0.998639 or 99% where the 
coefficient of determination value indicates that the independent variables consisting of 
local revenue, unemployment and the gini ratio explain the dependent variable, namely 
the poverty rate. While 1% is caused by other variables not included in this study. 

3.6 Discussion 

3.6.1 The Influence of Regional Original Income on Poverty Level 
From the results of the panel data regression estimation that has been carried out, 

the original regional income of the district/city shows a regression coefficient of 0.006069 
with a probability value of 0.7610 greater than 0.05, meaning that there is a positive and 
insignificant influence between original regional income and the poverty rate, every time 
there is an increase in PAD of 1 thousand, it will increase the poverty rate by 6,069 
thousand people in 10 districts/cities in NTB Province in 2019-2023. The results of this 
study are in line with research conducted by Kadafi & Murtala, (2020) which states that 
local revenue has no effect on poverty rates. This is basically the Original Revenue of a 
Regency/City (PAD) that has a positive PAD growth rate has the potential to have better 
economic growth, one of the indicators of which is a decrease in poverty, but if a region 
is unable to dig up revenue due to lack of knowledge and expertise, it will have an impact 
on increasing poverty rates. 

 



Licensee: Future Tecno-Science Publisher 

 

Page 9 of 11 © H. Anggara et al.  

O
p

en
 A

cc
e

ss
 

 

3.6.2 The Impact of Unemployment on Poverty Levels 
From the results of the panel data regression estimation that has been carried out, 

district/city unemployment shows a regression coefficient of -0.026148 with a probability 
value of 0.0001 or less than 0.05, meaning that there is a negative and significant 
influence between unemployment and poverty levels, every time unemployment 
increases by one percent, it will reduce the poverty rate by 26,148 thousand people in 10 
districts/cities in NTB Province in 2019-2023. The results of this study are in line with 
research conducted by Mussida and Sciulli [22] which states that unemployment has a 
negative and significant effect on poverty. This can be explained through the dynamics of 
everyday life in society. In one family, there is a condition where a family member is 
unemployed, but can still fulfill a decent life because he is supported by the relatively high 
income of other family members. In a situation like this, the basic needs of the individual 
can still be met adequately, so that he is not categorized as economically poor. This shows 
that employment status is not always the only indicator in determining the level of 
poverty, because individual welfare is also greatly influenced by the overall economic 
conditions of the household. 

The results of this study are in line with research conducted by Aderounmu et al.  
[23] which states that unemployment has a negative and significant effect on poverty 
levels. This is due to the fact that most of the workforce works in the agricultural sector, 
where almost all family members are involved as farm laborers. Although the 
unemployment rate is relatively low because many family members work, the income 
obtained from this sector is very minimal. As a result, this income cannot meet the 
family's living needs, so they remain in poverty. Similar conditions also occur in the 
Province of West Nusa Tenggara (NTB), where most of the workforce is absorbed in the 
agricultural sector, especially as farm laborers. Farm laborers generally receive relatively 
low and irregular incomes, so even though they are included in the category of working 
or non-unemployed residents, the income they earn is not enough to meet their living 
needs properly. As a result, they remain in poverty. This reflects that a low unemployment 
rate is not always directly proportional to an increase in the decline in the poverty rate. 

3.6.3 The Influence of the Gini Ratio on Poverty Levels 
From the results of the panel data regression estimation that has been carried out, 

the district/city gini ratio shows a regression coefficient of 0.417503 with a probability 
value of 0.0043 or less than 0.05, meaning that there is a positive and significant influence 
between the gini ratio and the poverty rate, every time the gini ratio increases by one 
percent, it will increase the poverty rate by 417,503 thousand people in 10 districts/cities 
in NTB Province in 2019-2023. The results of this study are in line with research 
conducted by Daniel Hörcher and  Graham  [24] which states that the gini ratio has a 
positive and significant effect. This is because when the gap is high where inequality in a 
group of people, especially in groups that are classified as poor with other people, will 
also encourage high poverty rates.  

The results of this study are also in line with research conducted by  Mookodi [25] 
which states that the Gini ratio has a positive and significant effect. An increase in the 
Gini ratio which means an increase in inequality will be followed by an increase in the 
poverty rate. The presence of Covid-19 which has caused a slowdown in the economy 
has been responded to by the government with various policies aimed at reducing 
inequality. Various social assistance policies are intended to overcome the decline in 
purchasing power as a result of the pandemic. 



Licensee: Future Tecno-Science Publisher 

 

Page 10 of 11 © H. Anggara et al.  

O
p

en
 A

cc
e

ss
 

 

4. Conclusion 
Based on the results of the study, it can be concluded that the Local Original Income 

(PAD) variable has a positive but insignificant effect on the poverty rate in the 
Regency/City of West Nusa Tenggara Province during the 2019-2023 period. Meanwhile, 
the unemployment variable has a negative and significant effect on the poverty rate, and 
the Gini ratio also has a positive and significant effect on the poverty rate in the same 
area. Simultaneously, PAD, unemployment, and the Gini ratio together have a significant 
effect on the poverty rate. The adjusted R-squared value of 0.9907 indicates that 99% of 
the variability in the poverty rate can be explained by the independent variables used in 
this study, while the rest (1%) is caused by other factors not included in the model. For 
further research, it is recommended to extend the analysis period to see longer trends 
and the long-term impact of these factors on the poverty rate. In addition, further 
research can also include other factors that influence the poverty rate, such as inflation, 
economic growth, and the quality of human resources. 
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